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Abstract: By integrating cloud, edge, and device resources, the computing power networks provide integrated ser-
vices such as data sensing, transmission, and computation for the digital economy. However, their rapid development
is accompanied by pressing challenges of high energy consumption. The task offloading technology is an important
solution that allocates computing tasks properly, improves user experience, reduces transmission latency and energy
consumption, making it a crucial solution. In order to reduce the overall energy consumption of computing power net-
works and achieve green, sustainable development, an intelligent matching task unloading scheme based on matching

mechanism was proposed. By matching tasks and node resources in the computing power network, the scheme mini-

WimBER: 2024-09-23; 1EEIEHA: 2024-12-26

BEEE: =M, 2773355@qq.com

E@WH: HFAAFAREESH EWHE (No.62471208)

Foundation Item: The National Natural Science Foundation of China (No0.62471208)



© 31

BENE 2025 F%E 21

mized energy consumption caused by inefficient task offloading and enhances overall network performance. Further-

more, a deep learning approach combining reinforcement learning with neural networks was employed to further opti-

mize the offloading strategy, significantly reducing network energy consumption. Simulation experiments demon-

strate that the proposed method is effective and reliable.
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